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Aiming at the problem of object detection in complex backgrounds of remote sensing imagery, this paper proposes an object detection algorithm. The algorithm obtains feature maps with both shallow features and deep semantic features by constructing a bidirectional multi-scale feature fusion network, and then uses the pixel attention mechanism module to focus on useful information. At the same time this paper uses the method of converting the angle prediction regression problem into a classification problem to solve boundary problems. Finally, ablation experiments are performed on the DOTA dataset of the algorithm, which prove the effectiveness of its module and transformation method, and compare with several popular object detection algorithms on three datasets to obtain the superiority of the algorithm.
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Q1: The problem of standardization of words and expressions. Firstly, a bottom-up path has been proposed by PANet, but this paper uses "design a new feature fusion network". Secondly there are some spelling mistakes like "dinappropriate" and so on.
Response to Q1: Thanks for your constructive suggestions. We apologize for the language error. The structure of the method in this paper is not the same as that of PANet. PANet indeed proposes a bottom-up path on the network. However, the method in this paper also modifies the network results, but focuses on the fusion of features, so that the effective features extracted by the attention mechanism module can reflect the optimization of the features in this paper. On the other hand, in the revised manuscript, we have corrected the misspelling of "dinappropriate". And with the help of professionals with appropriate research backgrounds, more language expressions have been improved.

Q2: The number or proportion of samples in the datasets used as training set, validation set and test set is not given.
Response to Q2: Thanks for your helpful suggestions. Regarding the partitioning of the dataset, we supplement the description of the dataset in Section 4 of the article "Experimental results and discussion". Added description as follows:
We conduct experiments on 3 datasets, and the partitioning criteria are consistent with ref. The DOTA dataset contains a total of 2806 aerial images, and 1/2 of the images are selected as the training set, 1/6 as the validation set, and 1/3 as the test set. The HRSC2016 dataset contains 1061 images of ships, of which training, validation and testing include: 436, 181 and 444 images, respectively. For the self-made DOTA-GF dataset, which contains 2994 images from Google satellites and Chinese satellites, the number of images in training, validation and test sets are: 1541, 468 and 985.

Q3: The result description is inaccurate. For example, in the comparison results of different algorithms of DOTA-GF, the AP of large vehicle detected by the algorithm in this paper is quite different from the highest AP of the other four algorithms, but this paper uses "close to the highest AP".
Response to Q3: Thanks for your careful suggestions. We apologize for the incorrect description. It has been revised in a new revised manuscript, and more language expressions have been improved with the help of professionals with appropriate research backgrounds. The revised content is described as follows:
The APs of planes and large vehicles are also much higher than the highest AP of the four types of algorithms.
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